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1. Objective

Neural architecture search (NAS) can
automatically find an efficient neural —

network architecture. We apply a gradient-
based NAS method called DARTS to search @
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Algorithm 1: DARTS Algorithm
Resqlt: The searched a.rchitecture o Figure 1: (a) Initial structure of NAS-SpatialFlow.
SR DRI o ~ (b) The structure of NAS-SpatialFlow at the end of the search.

O = {conv3 X 3, identity,none}.

2. Define o as a vector with length |O|. Each operation o € O is associated
with a parameter a,, which is an element in .

3. Define mixed operation as

i — 3 %) 3. Conclusion
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(c) Attention-guided SpatialFlow.

The current effective NAS methods used

4. Initialize the associated architecture parameter o

while not converge do | | in image classification do not perform well
. update architecture & by gradient descending . . . .
Valual (W = ViLirain(w, @), @) in more complicated tasks like panoptic
2. update weights w by descending V,Lyyqin(w, &) ]
end segmentation, as the searched NAS-
S | coco SpatialFlow model is inferior to the human-
Table 1: Panoptic segmentation: panoptic quality (PQ) on COCO dataset . -
. Backbone PQ PO PO designed SpatialFlow model. Moreover,
Panoptic FPN ResNet50  39.0 459 287 the attention modules designed based
AUNet ResNet50 39.6 49.1 25.2 .
S D NS0 393 451 305 on human-prior knowledge enhance the
NAS—SP&ti&]F]OW ResNet50 39.7 45.6 30.8 recognitlon of the background stuﬁ of
SpatialFlow ResNet50 405 46.7 31.1 )
Attention-guided SpatialFlow ResNet50 40.8 47.0 31.5 S P atialFlow.
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