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Comparison of catch22 and tsfresh Feature Extraction Pipelines
Automated Feature Engineering is an emerging field that significantly reduces the
time, effort, and domain knowledge needed to perform time-series classification. In
this project, we explore 2 cutting edge methods shown below: catch22 and tsfresh
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Results

The resulting feature sets from both pipelines were evaluated on the time-series data to
compare their performance. The results showed that catch22 seems to perform better than
tsfresh in terms of F-score but exhibits similar performance on class-balanced accuracy.
However, catch22 requires significantly longer computation time to generate the feature set.
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